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Application of The Support Vector Machine Algorithm to
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Abstract

This research aims to apply the support vector machine algorithm to classify normal heart sound
and abnormal heart sound (heart murmurs and clicks) with the interference of breathing sound noise.
Here, the data of heart sounds and vesicular breath sounds was provided by Heart Sound & Murmur
Library, University of Michigan and the Respiratory Auscultation and https://www.mediscuss.org/,
respectively. It was found that the support vector machine could classify with accuracy =90.48+5.50%,
precision = 90.91+5.40%, and recall = 90.41+5.56%.
Keywords: support vector machine, Abnormal heart sound, Breathing sound
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